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1) Datasets: https://www.kaggle.com/datasets/tmdb/tmdb-movie-metadata
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https://www.kaggle.com/datasets/tmdb/tmdb-movie-metadata
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1) Content-Based Filtering (2EIX 7|9 HE{F)
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Recommendation Systems

4) Demographic Filtering
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- Top 10 Movies in U.S Today, Top 10 TV shows in Korea Today, etc..
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Preparing the Dataset

Content-based Filtering
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Content-based Filtering
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Import library

import pandas as pd
import numpy as np
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dfl=pd.read csv('../input/tmdb-movie-metadata/tmdb 5000 credits.csv')
df2=pd.read _csv('../input/tmdb-movie-metadata/tmdb_5000 movies.csv’)

dfl.columns = ['id', 'tittle', 'cast’', 'crew’]

df2= df2.merge(dfl,on="1id")
df2.head(5)

budget genres homepage

[{"id": 28,

"name”:
http://www.avatarmovie.com/
{"id" 12,

"nam...

[{"id": 12,
300000000 ik http://disney.go.com/disneypictures/pirates/
“Adventure”}, P y-go yp P

{"id": 14, "..

19995
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keywords
[{"id":
1463,
"name™:
“culture
clash™},
{"id":...
[{"id":
270,
"name”:
"ocean"},
{"id": 726,
"na...

original_language original_title

en

Avatar

Pirates of the
Caribbean:
At World's

End

overview

In the
22nd
century, a
paraplegic
Marine is
di...

Captain
Barbossa,
long
believed
to be
dead, ha...

x0lH &AAMO XiZ|
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popularity production_companies production_countries release_date revenue runtime
[{"name": "Ingenious [{"iso 3166 1" "US",
150437577 Film Partners”, “id":  “"name™ "United States ~ 2009-12-10 2787965087 162.0
289.. ...
. - ) [{"iso_3166_1": "US",
139082615 L name” "WaltDisney . .CUnited States  2007-05-19 961000000  169.0
Pictures”, "id": 2}, {"... o



Plot description-based Recommendation model
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Plot description-based Recommendation model

df2[ 'overview'].head(5)

© In the 22nd century, a paraplegic Marine is di...

1 Captain Barbossa, long believed to be dead, ha...

2 A cryptic message from Bond’s past sends him o...

3 Following the death of District Attorney Harve...

4 John Carter is a war-weary, former military ca...

Name:

overview, dtype: object
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Plot description-based Recommendation model

#Import TfIdfVectorizer from scikit-learn
from sklearn.feature_extraction.text import TfidfVectorizer

tfidf = TfidfVectorizer(stop words='english")

df2[ 'overview'] = df2['overview'].fillna('")

tfidf matrix = tfidf.fit transform(df2[ 'overview'])
tfidf matrix.shape

(4803, 20978)
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Plot description-based Recommendation model

from sklearn.metrics.pairwise import linear kernel

# Compute the cosine similarity matrix
cosine_sim = linear kernel(tfidf matrix, tfidf matrix)
indices = pd.Series(df2.index, index=df2['title’']).drop duplicates()

# Function that takes in movie title as input and outputs most similar movies
def get recommendations(title, cosine sim=cosine_sim):

idx = indices[title]

sim_scores = list(enumerate(cosine sim[idx]))

sim_scores = sorted(sim_scores, key=lambda x: x[1], reverse=True)
sim scores = sim _scores[1:11]

movie _indices = [1i[@] for 1 in sim _scores]

return df2['title’'].iloc[movie_indices]
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Plot description-based Recommendation model

get_recommendations('The Dark Knight Rises') get_recommendations('The Avengers')
65 The Dark Knight 7 Avengers: Age of Ultron
299 Batman Forever 3144 Plastic
428 Batman Returns 1715 Timecop
1359 Batman 4124 This Thing of Ours
3854 Batman: The Dark Knight Returns, Part 2 3311 Thank You for Smoking
119 Batman Begins 3033 The Corruptor
2507 Slow Burn 588 Wall Street: Money Never Sleeps
9 Batman v Superman: Dawn of Justice 2136 Team America: World Police
1181 JFK 1468 The Fountain
210 Batman & Robin 1286 Snowpiercer

Name: title, dtype: object Name: title, dtype: object
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# Parse the stringified features into their corresponding python objects
from ast import literal eval

features = ['cast', 'crew', 'keywords', 'genres']
for feature in features:
df2[feature] = df2[feature].apply(literal eval)
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Credits, Genres and Keywords based Recommendation model
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def get director(x):
for i in x:
if i['job'] == 'Director’':
return i[ 'name']
return np.nan

ot

def get list(x):
if isinstance(x, list):
names = [i['name'] for i in x]
if len(names) > 3:
names = names|[ :3]
return names

return []
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Credits, Genres and Keywords based Recommendation model

df2['director'] = df2['crew'].apply(get _director)

features = ['cast', 'keywords', 'genres’]
for feature in features:
df2[feature] = df2[feature].apply(get list)
df2[['title', 'cast', 'director', 'keywords', 'genres']].head(3)

title cast director keywords genres
0 Avatar [Sam Worthington, Zoe Saldana, Sigourney Weaver] James Cameron [culture clash, future, space war] [Action, Adventure, Fantasy]
1 Pirates of the Caribbean: At World's End [Johnny Depp, Orlando Bloom, Keira Knightley] Gore Verbinski [ocean, drug abuse, exotic island] [Adventure, Fantasy, Action]

2 Spectre [Daniel Craig, Christoph Waltz, Lea Seydoux] Sam Mendes [spy, based on novel, secret agent] [Action, Adventure, Crime]



Credits, Genres and Keywords based Recommendation model

# Convert all strings to lower case and strip names of spaces
def clean data(x):
if isinstance(x, list):
return [str.lower(i.replace(" ", "")) for i in x]
else:
#Check if director exists. If not, return empty string
if isinstance(x, str):
return str.lower(x.replace(" ", ""))
else:
return ¢’

features = ['cast', 'keywords', 'director', 'genres']

for feature in features:
df2[feature] = df2[feature].apply(clean data)
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Credits, Genres and Keywords based Recommendation model

from sklearn.feature_extraction.text import CountVectorizer

count = CountVectorizer(stop words='english')
count_matrix = count.fit transform(df2['soup’])

from sklearn.metrics.pairwise import cosine similarity

cosine sim2 = cosine_similarity(count _matrix, count matrix)
df2 = df2.reset _index()

indices = pd.Series(df2.index, index=df2['title’])
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get_recommendations('The Dark Knight Rises', cosine_sim2) get_recommendations('The Godfather', cosine_sim2)
65 The Dark Knight 867 The Godfather: Part III
119 Batman Begins 2731 The Godfather: Part II
4638 Amidst the Devil's Wings 4638 Amidst the Devil's Wings
1196 The Prestige 2649 The Son of No One
3073 Romeo Is Bleeding 1525 Apocalypse Now
3326 Black November 1818 The Cotton Club
1583 Takers 1170 The Talented Mr. Ripley
1986 Faster 1209 The Rainmaker

383 Catwoman 1394
747 Gangster Squad
Name: title, dtype: object

Donnie Brasco
1858 Scarface
Name: title, dtype: object
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